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Let’s Define a Tree?

A brown trunk moving upwards and branching with leaves . . .
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Learning “What are Trees” is ‘Easy’
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Learning Is ‘Hard’

Dogs

Trees

?
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Feasibility of Learning From Data

A mathematical theory of learning says there are good machines and bad machines.

A machine that learned, and knows it, can be deployed.

A machine that learned, and knows it not, is useless.

A machine that learned not, and knows it, has known limitations.

A machine that learned not, and knows it not, is dangerous.

Ancient Persian saying:

He who knows, and knows it, is wise; follow him.

He who knows, and knows it not, is asleep; wake him.

He who knows not, and knows it, is a student; teach him.

He who knows not, and knows it not, is a fool; avoid him.
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Overfitting: How to Learn Well

restrain the learner to not

get led astray by noise

present the learner with data

of the right complexity
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THANKS!

Just like the Human Learner, the Machine Learner has to be:

• Pre-wired for the learning task so it knows when it learned.
Dogs

Trees

• Restrained to not go off on tangents following random noise.

• Given data of the right complexity to not get ‘confused’.

Our theory says that, just as with human learning,

Machines learn best when they are challenged, but not too challenged.
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